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Application of Neural Network in Color Conversion

LI Li-xia, ZHANG Yi-zin

(Jiangnan University, Wuxi 214122, China)

Abstract: BP and RBF neural network was applied in color space conversion with MATLAB 7. 8 and the rele-
vant conversion error diagrams were drawn. The accuracies of color space conversion by BP and RBF neural
network were compared. The results showed that RBF neural network has better accuracy than BP because BP

has the bug of slow convergence speed and lack of memory; RBF neural network can better solve problems of

color space conversion of color management.
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Fig. 1 Structure of BP neural network
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Fig. 2 Structure of RBF neural network
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net=new{f(PN1,TN1,[30,3], {'tansig’, purelin

‘4 traingdm’) ;

net. trainParam. max_fail = 200; %PT1FBVER
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net. trainParam. Ir = 0. 01;

net. trainParam. mc = 0. 9;

net. trainParam. epochs = 10000;
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goal = 0.001;

spread = 1;
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DF = 1; % E B

net = newrb (PN1, TN1, goal, spread, MN,
DF);

net = newrbe(PN1,TN1 ,spread)
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Fig. 3 Convergent performance BP and RBF
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Fig. 4 Mean error of testing data by BP and RBF
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