fu, % TR Fars BT W
- 152 - PACKAGING ENGINEERING 202349 A

E T LSTM HAIE i B2 FIE 2 S 52

AmmE ', FEAR', BEE Y, gEA', KKA°
(1. B RS RIArs, B 2013065 2.7 05 0ies, ®iiL 5°0% 315000 )

WE: B¢ #%%ﬂfuié%iﬁ%?é% OB E TR, Tk FTEFILBELFITIRRE 2/

EAEAREY KA F . KEBRTRT S, SRIEM AIS WAREHRTEFF kw¢ﬂ5L&J%%%%
FEIRAATO ARIL I &, 3B — A RB O k. FRABAMBRE TR FE, BT ER= g §AE

BB FH G AL R A T F BB, RJGIE A Bi-LSTM ik &t i £ JG ALIE 4 A S R B AT HLIES B, 2R P

PRI T R E BTG RE SR E PG BEARATH A, FRREF S EHF 0 3426%, 5556 AIS
AT HIE B RA AR ERI T 115.34%, 458 120 P 5 ik T AR R 2 R e s R F ALIE A

RIBRHT RN, AMBDAYE B IEBE— T oy Lk,

KGR WAKAE; WEAA; AIS Shif; A5AA4FHE; Bi-LSTM 44

FESES: U675.7 XHkFRIRES: A XEHS: 1001-3563(2023)17-0152-08

DOI: 10.19554/j.cnki.1001-3563.2023.17.018

Ship Logistics Path Trajectory Repair Based on Improved LSTM
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(1. Merchant Marine College, Shanghai Maritime University, Shanghai 201306, China;
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ABSTRACT: The work aims to improve the mining accuracy and safety efficiency of cargo logistics path trajectory in-
formation. In this study, the type, quantity and length of ships in the narrow channel of the strip Tiaozhoumen waters of
Ningbo Zhoushan Port were statistically analyzed for the identification and repair of AIS logistics path trajectory abnor-
mal points of cargo ships. Considering the environmental factors of actual ship navigation, a new date correction method
was proposed. Considering the ship attributes and environmental factors, the abnormal data were identified with the na-
vigation span and steering capability of the three-degree-of-freedom kinematics, and finally the Bi-LSTM method was
applied to repair the screened shipping logistics path trajectory. The proposed screening method did not require trajectory
clustering or building additional models for discrimination, the screened data accounted for 34.26% of the total quantity,
and the repaired AIS cargo ship trajectory data were improved by 115.34% on the original basis. The method can effec-
tively correct and repair abnormal shipping logistics path trajectory data, and provide some basic methods for shipping
logistics trajectory data mining.
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