(N N
+ 216 - PACKAGING ENGINEERING

F39%F 21
2018 4E 11 A

ETF SIFT T£H#HH RBF MEZNENE BB HEEZX

EiE, A, TB
( M T K2, ¥ 200093)

TE: B8 ATARABAEFS. EXH L7, & BEFFAANLETH, RE—FL4E SIFT (RAR
THAEE ) fo RBF WE ML E AT EASEL A, Fik @i SIFT Ak EA k- B b xb 5 ey 45
FEE, ARG SE B R B R e Ae T R F A, KA RBF AVZ ML L EFEGEX 257, &EH
ABALIEG i aR R EAEERB GRS, R L PHEEAHBEZR LA T AT L, EHEHLR
DoEM &% 0.902, B E &R BEHE-FH, AKME LT RORBROEERRTEL, &8 2L EHK
R4, THRAAFTBAILRIE T S5 @M,

K B, B, RERTHIEEH; RBFAWWZENL

hESYZES: TPI83  XEAFRIREA: A  XEHS: 1001-3563(2018)21-0216-06

DOI: 10.19554/j.cnki.1001-3563.2018.21.037

Color Panorama Mosaic Algorithm Based on SIFT Transform and RBF Neural Networ k

TANG Yan, SUN Liu-jie, WANG Yong
(University of Shanghai for Science and Technology, Shanghai 200093, China)

ABSTRACT: In order to restore the panorama with the problems of translation, color difference, rotation and defor-
mation, a color panorama stitching algorithm combining SIFT (scale invariant feature transform) and RBF neural network
is proposed. The SIFT algorithm was used to match the corresponding feature points in the two subgraphs, and the affine
transformation was used to solve the rotation and deformation problems between images. The RBF neural network was
used to correct the color difference of the subgraphs. Finally, the weight matrix fusion technique was used to realize the
fusion of overlap areas. The proposed algorithm was superior to other algorithms in the stitching effect. The DoEM value
of the stitching effect was 0.902, and the image overlap area was excessively smooth, effectively avoiding the lumi-
nance block or the luminance line of the merged area. The proposed algorithm has good effect and can solve many prob-
lems in the panorama restoration process.
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Fig.2 Exact location of the feature point
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Fig.9 Stitching restoration panorama
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