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Classification Method of Printing Defects Based on Support Vector Machine

SHU Wen—ping, LIU Quan—xiang
(Wuhan University, Wuhan 430079, China)

ABSTRACT: Objective To get a classifier model based on support vector machine (SVM) for printing defects detection.
Methods The characteristics of printing defects were extracted according to human vision characteristics, and which were
then analyzed. After that these feature data were imported into SVM for learning and training. The SVM classifier was then
used to test the defect images. Results The classification accuracy rate of the classifier for point defects and planar defects
reached 100%, and the classification accuracy rate for linear defects was 93.94%. Conclusion The classification method

based on SVM could meet the demand of printing defect detection.
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Fig.1 Defect detection with threshold method
12 HERSEEREL

XFERBEBEA T 43 F P BT, T H45 4 o0 2 0 B & it
TR e A2 B 72 B A5 LA F LA,
1) J&i

AOB=(xI(B).CA) (2)
2) K.
A®B={xI(B,) NA# ¢) (3)

o AHRFE IR BFRME 3R s B AT E ;A0
BIRE AW BIEM; ADBIREAW BIENK.

3) 2B RAPAEE T FFia B X IR MG ek A 16
PSP TIZ A AL L, P2 B 2

S5 K 0 2 1 RUSE R I R 1 AR BB 40 3 A R 1
fHo XHL, RAE M EMG S BEEK 300 ppi, THEAF 2
1% RS2 55 0.085 mm x 0.085 mm. 1% 55 50 B R A
Wi 0.3 mm x 0.3 mm K/ X, 2970 16153 . Ak
VRS 123 x SRR EEMITTER  JFa H AR nT LIERR
MEER x MEREF/NWEREE , fe/INaT LIRS S A R 1
A8 0.18 mm?,

FHIE 5 2 A BRI 1 R0OR WL 2, DATE] 2a F1IE]



140 fl % TR

20144F12 H

2b W] LU, lena WA b AUBOR TSR A BRI N 51
ek KNG, WA NIRICHEFUN /N S R G E R
BRI IR AR BUR , 721 20 Hh TR B 22— B i
1A DX, 5 18] 2d ] B BN SO FEOE OB
R A MRS B At SR B A FE S5 2R, L RS 200
SR BYRFE 3T o

¢ d

K2 lena AR BRI

Fig.2 Defect detection using Lena morphological method
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Fig.3 Defect feature extraction
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Fig.4 Flow chart of defect classification
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Tab.1 Extraction of defect model parameters
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Fig.5 "One against one" elimination method
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Tab.2 Experimental results
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