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Application of BP Artificial Neural Network in Shelf Life Prediction of Packaged
Cookie
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(Tianjin University of Science & Technology, Tianjin 300222, China)

Abstract: Shelf life prediction models of cookie were established using dynamic method, weibull hazard analysis
method and BP artificial neural network method respectively. Comparison results of the three models showed
that the prediction result of BP artificial neural network model is more accurate and convenience; the correlation
coefficient of BP model, R*, between the outputs and targets is 0. 963 8; BP neural network can incorporate va-
rious factors, including food product compositions, package properties, storage and logistics condition into a
single model.
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Fig. 2 Relationship between logarithmic value of cookies

shelf life and storage temperature (dynamic model)
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